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Fabric Metal Pore Structure Analysis Based on Image Processing
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Abstract: An image processing technology based on Python language was applied to accurately characterize param-
eters such as the cross-sectional area, hole edge circumference, Ferret diameter and pore morphology of metal
foam pores, so as to achieve mass calculation and output of the relative density of metal foam images. The
detection result is accurate to 0.001. It takes only 0.008 5 s to characterize a single pore, which increases the

detection efficiency by 82.354 5 s compared with the traditional method, and takes only 1.241 s to characterize 146

pores.
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Fig.1 Sampling process of section diagram
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Fig.3 Median filtering of section graph
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Fig.4 Noise removal contrast
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Fig.6 Image binarization process
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Ko [ —FL BR 247 2 4E . ] Micro Vision 34 i 4% 1fi
FEURG T 45 B 2 10 888 Pix, FLFRJE K Hy 396.423 Pix, ##%
G L 1) R4 3815, FL B R A i AR M 4.845 mm”, FL i
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JAK Ry 8.363 3 mm., ABFFE I LS R K10 626 Pix, %
Lo RUHe 53 i L B A R AR 4,729 mm?® L AL A K
J 8.572 5 mm, WA 5 Ik G E AR A SR 22500 0.116
mm?”, J 45 R 25 91 08 0.209 2 mm., i A5 R 2 5
J5 K 2 : D] MicroVision B RE RN H w1 G R &
of PR A 31 DL K ey o g PR R L BRI S BN
T B R 25 . @ JMicroVision {4 % L Bt i) £ il
ORI NI (N X e YNE X (RS Sl R 3d
3.

JMicroVision {4 XF £L B i FAE 75 2 22 A T
e XF LR AT A MY 3 A T MicroVision #4477
BEAEMS 82.363 s, M A FE 7 12 %F 146 A~ FLBR AT R AE
FAEAY LR LTT 1241 s, % 8L Bt A7 R AE R AE AL 77
0.008 5 s, H AL FAE i P2 o 77 AN 4R HEBR T AN
PRVE R 2 1 L 25 R 0k 5 .

41 % ®

P T —Fl 5L F Python iF & IR b BELE A 193
RERFLBRAE DT ¥5 . @i R I IR R i) =4k CT IRt
A1 00 4k BRAJAS ) BAGAE Sy A 5 Se AT AL PR IS
X LB e S AR P R BB ) LB AR R AT AR AL
b B B IS e — R e Y Transformer B35 %) 5
1 I YR A fi i ) AL BB AR AR L B R R
T2 TR Z B 5 LAY R AE 9 A7 R AL JF AT AR 408 7 oKk 42
B RRE LB . 3% T Python i 5 1Y BI% b 1 4%
AR T 07K 4 T FLBR AR AL L 52 B0 1 X 96 K 48 T AH X 4%
JEHL ALK B0 T 5 R AR R o BE STk AR E
RGP TT A 3 BT BAL B A R I AR i
T 82.354 5 s KN ARG =TT 0L
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